In this paper, we investigate the effectiveness of the firm's proactive management of consumer-toconsumer communication. We are particularly interested in understanding how, if at all, the firm should go about effecting meaningful word-of-mouth. To tackle this problem, we implemented a large-scale field-based quasi experiment in which a national firm created word of mouth through two (non-randomized) populations: loyal customers and non-loyal customers. We break our theoretical problem into two subproblems. First, we ask, "What kind of WOM drives sales?" Motivated by previous research, we hypothesize that the WOM that is most effective at driving sales occurs between acquaintances (not friends) and is created by non-loyal customers, not loyals. We find support for this. This result is also noteworthy as it demonstrates the potential usefulness of exogenously created WOM. Then, we ask, "Which agents are most effective at creating this kind of WOM?" In particular, we are interested in evaluating the effectiveness of the commonly-used opinion leader designation. While we find that for the agents that were very loyal to the product, opinion leadership was associated with the creation of more WOM, this was not the case for less loyal agents. This finding may present a challenge for a firm attempting to design a WOM campaign. In a final exploratory analysis, we suggest a measure of one's social network intensity as a predictor of effectiveness of non-loyals as potential buzz agents.
Introduction
In 1998, Anita Diamant wrote The Red Tent, a novel set in the Old Testament times that conveys a strong sense of "womanly strength, love, and wisdom." However, after the first release sold only about 10,000 copies, she and her publisher Picador Press used a more creative marketing technique.
They sent out over a thousand copies of the book to influential people in the community, many of whom were female rabbis. Interested in, and moved by, the topic, many of the rabbis spoke about the book from their pulpits. 1 By 2001, over two million copies of the book had been sold. 2 In 2001, Lee Dungarees wanted to improve its image with teen boys. Their agency identified 200,000 "influentials" from online communities devoted to video games. The firm then sent them a series of short films from unknown characters who turned out to be protagonists in a video game developed by Lee. On average, these films were forwarded to about six people each. To play the game, however, one had to go to a retail store and get a code from a pair of Lee jeans. 3 Finally, Hasbro in 2001 launched a new handheld video game called POX. The approach they took to the roll-out was unique. They studied the elementary schools in Chicago to find the "coolest" kids in each school. They figured this out by surveying the kids about the "coolness" of their peers as well as asking kids (and their parents) to describe themselves. Once these 1,600 kids were chosen, they were each armed with a backpack filled with samples of the game to be handed out to their friends.
The launch was considered a significant success.
There are several common threads among these examples. First, the firms in these cases tried to "engineer" exogenous word of mouth (WOM) communication among their customers.
That is, rather than hoping that some combination of satisfied customers and opinion leaders would eventually tell people about their products, the firms took actions to increase the number of conversations that were taking place. Second, they each attempted to identify who those "key influencers" would be in their respective situations. Diamant based her choice on an intuitive 1 Source: "Pitching Her 'Tent' Word of Mouth, Plus Author Anita Diamant's Promotional Moxie, Make for sense for who would be useful, Lee Dungarees used observational methods and Hasbro used a combination of self-reporting and sociometry. Finally, for each of them, the implementation of their WOM campaign represented their primary marketing effort during the respective time period.
Recent years have witnessed a marked increase in attention paid to "buzz" in the popular and managerial press. Business Week devoted a cover story to it in 2001. A reporter for this magazine even dubbed that summer the "summer of buzz" due to the breadth of the press' coverage of this "new" marketing technique. More recently, Forbes ran an article titled "kid nabbing" describing how Proctor and Gamble is building a network of kids to create buzz about their products. Managers' motivation for looking toward interpersonal communication as a potential new tool grows out of a sense that "traditional" media advertising is declining in effectiveness, particularly among younger demographic groups.
However, for all of the importance that managers are apparently placing on the creation of these WOM strategies, there has been little academic research looking at WOM from the firm's perspective. Existing research has focused almost exclusively on developing an understanding of the underlying phenomenon itself. Research in marketing and related management disciplines, for example, has tried to identify the characteristics of those that create the most WOM. Similarly, researchers in sociology have developed sophisticated sociometric tools to measure various dimensions of social networks. However, few attempts have been made at linking these insights to the firm's problem.
In this paper, we ask whether and how the firm can market its products by identifying key influencers and creating a program to encourage them to talk about their products. Moreover, we ask when this WOM is in fact impactful in the sense that it drives the firm's sales. We draw on past research in marketing and sociology to develop hypotheses about the likelihood that customers of different types will create impactful WOM. We then make use of a rare opportunity to conduct a field-based quasi-experiment in which a firm's loyal customers and a firm's non-loyal customers are asked to create WOM. Our analysis proceeds in two steps. First, we perform an aggregate analysis at the market level where we are able to evaluate which of these two conditions -loyal and non-loyal -produces WOM that has the bigger impact on sales. We find that non-loyal customers do so. Our intuition for this result is that loyal customers have already informed their network.
However, non-loyal customers are less likely to have done so. Thus, the higher marginal impact comes from the latter. We test this idea further by stratifying the loyal customers into various degrees of loyalty and find that the most-loyal customers do not deliver impactful marginal WOM as a result of this campaign but that the less-loyals do in some cases. Finally, a consistent finding from this analysis is that the WOM that has the biggest impact on sales is that to acquaintances, as compared with friends and relatives. This is consistent with past research related to the theory of weak ties (Granovetter, 1973) .
In the second stage of our analysis, we move to the individual level where we ask which people are most likely to create WOM to acquaintances. In particular, we ask which of the less loyal customers will do so. We make use of the most commonly-used scale to identify category opinion leaders (King and Summers, 1970) and find that the scale is effective at identifying creators of WOM to acquaintances among the very loyal customer, but is not effective at identifying less loyal customers who will do so. Since an opinion leader is one who is likely to consider herself an expert, we would expect that she would recommend something only to the extent that she herself feels strongly about it. Highly loyal opinion leaders, we expect, would do so. Less loyal opinion leaders would not. Finally, since opinion leadership doesn't seem to be a good predictor of "key communicators," we look for other predictors. In particular, we explore the usefulness of a measure of "network density" to predict the volume of WOM created by less-loyal customers. Our notion of network density is similar to the popular press description of the "connector" (Gladwell, 2000) in that the items in this scale look at one's interest in meeting with, and introducing, new people as well as at the number of links in one's network. We expect that this construct should be useful in identifying high WOM proclivity, though we would expect it to be less generally useful than the opinion leadership scale. A benefit, however, is that it does not depend on expertise and, thus, should be -and is here -useful in identifying those less loyal customers who create the most WOM.
The rest of the paper proceeds as follows. The following Section reviews the relevant literature in terms of who creates WOM and, implicitly, whom the firm should look for in designing and implementing a WOM campaign. In Section 4, we analyze an aggregate model of sales to identify what type of WOM is the most impactful. In Section 5, we model WOM creation at the individual level in order to see which methods are useful in finding the people who create this impactful WOM.
3
The paper concludes with a discussion of the results and suggestions for future research in this area.
Relevant Literature
That WOM -the interpersonal communication of information -is in some sense important to firms is all but an established fact. Beginning with Katz and Lazarsfeld (1955) nearly half a century ago, the impact of WOM on consumers' actions, preferences and choices has been of great interest to marketing scholars. Researchers such as Coleman et al. (1966) ; Arndt (1967) ; Engel et al. (1969) have corroborated the primacy of WOM as a key driver of firm sales. Other researchers have inferred the impact of WOM effects from the geographical evolution of sales data Foster and Rosenzweig (1995); Garber et al. (2003) ; Bell and Song (2004) . Godes and Mayzlin (2004) demonstrate a positive relationship between online WOM -in particular, its "dispersion" across communities -and ratings for t.v. shows. While Van den Bulte and Lilien (2001) question the conclusion reached by Coleman et al. (1966) that WOM played a significant role in the diffusion of tetracycline, the same authors later determined that a more-sophisticated decomposition of the physicians' adoption decision did, in fact, yield evidence for the role of interpersonal influence (Van den Bulte and Lilien, 2003) .
Significant research has also been devoted to the development of a deeper understanding of the phenomenon itself. In particular, marketing researchers have addressed the important question, "Who plays the role of the key influencer in interpersonal communications?" Katz and Lazarsfeld (1955) ; King and Summers (1970) ; Jacoby and Hoyer (1981) ; Bloch and Richins (1983) have, for example, studied the important role played by category-level opinion leaders in the diffusion of information. Feick and Price (1987) have suggested that there exist "market mavens" whose influence extends across categories.
Notably, while arguing that WOM is important, few researchers offer significant prescriptive guidance for the firm. Clearly, the fact that opinion leaders provide information and that interpersonal information affects sales suggests that the firm should market to opinion leaders. However, little guidance is offered in terms of how to actually implement this. Moreover, and most important for our purposes, most of the studies have involved endogenously created WOM. That is, WOM that the consumer has decided to transmit based on some past set of experiences (real or hypothetical) with the firm and/or its products. To our knowledge, no research study has looked at the effectiveness of firm-sponsored exogenous WOM. Thus, while we have a fairly strong sense that WOM is important and that some people may be more influential than others at creating it, there has been very little research that addresses the question from the firm's perspective. Does all of this research necessarily mean that the firm could or should create WOM on its own? Two studies -both from a theoretical perspective -that do address this issue are Mayzlin (2001) and Biyalogorsky et al. (2001) . In the former, the author demonstrates that the creation of anonymous online WOM may be a profitable equilibrium strategy even when consumers are aware of the possibility that the firm is creating it. In the latter, the authors investigate the optimality of customer referral programs and show that the firm should offer rewards to customers only if they are somewhat demanding but not too demanding. If they are not very demanding, the firm can simply cut price and obtain the referral for free. If the customer is too demanding, the cost of the referral program exceeds its benefits and thus the firm forgoes it.
Our contribution to this literature is threefold. First, we empirically demonstrate for the first time, to our knowledge, that the firm can offer rewards to create WOM that drives sales. Given the sales effect, we infer that this WOM is incremental over and above the baseline WOM that would have occurred without the rewards. Second, we demonstrate that it is not the highly loyal customers that generate the important incremental WOM, as one might expect. In fact, more consistent with the theory of weak ties (Granovetter, 1973) , it is the less loyal customers that should be the focus of a WOM campaign. Finally, we show that the generally-accepted view that opinion leaders are the "key communicators" of interpersonal information does not seem to hold in this setting. We explore another possible indicator that does seem to be meaningful: network density.
The Quasi-Experimental Set-up
To investigate these important questions, we designed and implemented a field experiment that included two organizations: an agency and a retail chain. The "chain" is a national retail service establishment 4 that does business in 15 markets across the United States. The firm's gross sales 4 The identity of the firm is disguised at their request.
in the twelve months leading up the program were over $100 million. The firm's product line is split into five categories as shown in Table 1 . Crucial to our experiment is the fact that the firm maintains a loyalty program centered around Category A. Several thousand customers hold a card which they present at the time of purchase.
After a specified number of purchases, they are rewarded with a number of prizes including free products, coupons and other promotions.
The "agency" is a small promotion agency engaged in the business of creating WOM communication for its clients. It has been in this business since 2001 and has served a number of major brand name clients. To create WOM for its clients, the agency maintains a panel of several thousand people to which we'll refer as "agents." In a standard project, the agency agrees to lease a specified number of its agents to the client. As part of this agreement, the agency trains the agents and creates (low-powered) incentives for them to create WOM for the client. Prior to this research project, the agency had never worked with its clients' loyal customers.
Our experiment, which lasted 13 weeks, involves a comparison of the WOM created by these two populations: the firm's "loyal" customers, on one hand, and the agency's panel, on the other. We refer to the latter as "non-loyals" since they, in effect, have little-to-no information about the retail chain before the study. It is important to note, of course, that this is not a pure experiment but is, rather, a "quasi-experiment" in that subjects are not randomly assigned to these two conditions.
Subjects were invited to participate in the experiment via an email from either the agency (for non-loyals) or the chain (for loyals). The email explained what the campaign was about and noted that their participation and performance would qualify them for potential prizes. The objective was to recruit a total of 1,000 subjects. The process ultimately yielded 381 loyals and 692 nonloyals who agreed to participate in the program. Among the non-loyals, about half had previously participated in campaigns for the agency. Moreover, 86% of the non-loyals had never heard of the chain prior to the project. By design, the sample populations were mutually exclusive; none of the non-loyals were members of the firm's loyalty program.
Once she agreed to participate in the campaign, each subject was directed to a website to fill out an extensive survey. The instrument captured important information about the agent's social networks as well as demographic and attitudinal data that we expected would be useful in building
an individual-level model of WOM creation. 5 The agent then received a package of information about the firm and its products as well as specific suggestions for creating WOM for the chain.
This package also contained specific details on how the campaign would be run and how the agents were to participate. The WOM creation process officially began in April 2003 and ran through June 2003.
Once it began, the agents were responsible for reporting their WOM creation activity. Specifically, they were directed to a website at which they were expected to report in detail each time they engaged in a WOM episode. Importantly, the agents provided information on their relationship with the recipient: whether they were a friend, relative, acquaintance, stranger or some other relationship. It is also important to note that the agents often reported the transmission of information to several people in a single report. That is, a single report often represents more than a single new person being informed.
Each of these WOM reports was graded on its potential to create meaningful WOM. The grading was handled by the agency's staff as part of their normal contract obligations. Agents had an incentive to create meaningful WOM since the higher their scores, the more prizes they were able to win. Nonetheless, these incentives were extremely low-powered: the average prize was valued at around $15.
In summary, then, our quasi experiment ran in 15 markets for thirteen weeks. We have data on the amount of WOM created by each agent over those weeks as well as the relationship between the agent and the recipient. Moreover, we have sales data at the market level for each week of the campaign. 5 It is important to note that -since the agency had been in business for a number of years -they had a full battery of questions they asked of the agents as well. To the extent that the questions we wanted to ask were similar to the ones they asked as part of their routine, we simply maintained theirs to allow for data consistency.
What Kind of Exogenous WOM Matters?
In this Section, we specify an aggregate market-level model of sales to identify the characteristics of disseminators and recipients that are associated with effective WOM. We begin by developing our two main hypotheses.
Theoretical Development
In his seminal work, Granovetter (1973) showed that it is essential to make the distinction between "strong ties" and "weak ties" in understanding the flow of interpersonal information. The former refers to relationships that are strong, deep and characterized by frequent meetings and/or communication. The latter relationships are characterized by less frequent meetings and communications.
An important finding in this work is that weak ties form the bridges between otherwise isolated social networks, where these networks are effectively defined by strong ties among a number of common members. Since those in the same social networks are likely to have similar information, it is often information communicated via a weak tie that results in a greater increase in the number of new people that are informed. As the author states, "whatever is to be diffused can reach a larger number of people. . . when passed through weak ties rather than strong."
It is a fundamental implication of this research that acquaintances should create more powerful WOM -holding constant the overall volume of WOM -than either friends or relatives. In fact, the author cites a compelling test of this implication in which he collected data on the source of information for new job seekers. Consistent with his theory, he found that most people found new jobs through information garnered from weak ties, defined as people that were only seen occasionally. Since then, significant research has focused on extending this work into a number of domains. In the marketing area, Brown and Reingen (1987) found support for the bridging role of weak ties. More recently, Goldenberg et al. (2001) use cellular automata to investigate the relative macro-level impact of strong and weak ties and find that the latter may have a bigger impact even though the former are activated more frequently. This leads to our first hypothesis:
H1: The sales impact of incremental WOM to an acquaintance is higher than that to either a friend or a relative.
While we collected data also on WOM to strangers, one might imagine that the lower credibility associated with WOM to a stranger would mitigate the network advantage, so it is difficult to predict ex ante what the impact of such WOM would be. Similarly, by definition, there is no theoretical support for making a prediction about the "other" category either way.
Most of Granovetter's (1973) work relates to the flow of information: for example, a comparison of the impact of information conditional on whether it traverses a weak tie or a strong tie. One can also view this research through a state lens. That is, conditional on where the information resides at time t, where is it likely to reside at time t + 1? For example, Godes and Mayzlin (2004) apply weak ties theory to suggest that the more "dispersed" information is today, the more likely it will be to inform new people tomorrow. We can apply the same idea here. One important difference between loyal customers and non-loyal customers is that we would expect the former -in the absence of any WOM campaign -to have already spread the word about the firm and its products. One would expect intuitively that satisfied customers would be more likely than average to engage in WOM. This has been shown empirically in a number of studies (Bowman and Narayandas, 2001; Anderson, 1998; Bolton and Drew, 1992; Holmes and Lett, 1977; Reichheld and Sasser, 1990; Swan and Oliver, 1989) . Similarly, one would expect a positive association between satisfaction and loyalty. This, too, has empirical support (Anderson and Sullivan, 1993) . Thus, since satisfied customers are likely to talk more and since satisfied customers are likely to be more loyal, we expect that loyal customers, all else equal, should create more WOM than average without any incentives from the firm. As a result, we expect those associated with loyal customers, whether through strong or weak ties, to be more likely to be informed about the firm and its products before the beginning of the WOM campaign. As a result the incremental WOM created by the campaign should be more powerful when created by a non-loyal customer than a loyal customer. Formally, then, our second hypothesis is:
H2: Within the context of a firm-sponsored WOM campaign, the sales impact of incremental WOM from a non-loyal customer is higher than that from a loyal customer.
Empirical Analysis
Since Hypotheses 1 and 2 relate to firm sales, we test them with an aggregate market-level model.
The main model we estimate is the following
where S A it represents sales of category A in market i in week t. Note that we focus here on the impact of WOM on category A sales, since this is where the loyalty program is focused. Our WOM data are captured in W OM r ijt where r ∈ R = {f riend, relative, acquain tan ce, stranger, other} is the set of possible relationships between the sender and receiver of WOM information. Specifically, we define W OM r ijt as the total number of reports filed in week t in market i that reflected WOM from someone in condition j (i.e., loyal or non-loyal) to a person or people with whom they have a relationship that can be characterized by r. We don't know exactly how many people this WOM episode impacted; we only know that a report is made and that the agent felt that r best captured their relationship. In addition, when the subject categorized her relationship with the recipient as "Other," she was provided the opportunity to describe in more detail what the nature of the relationship was. These ranged from "Internet" to "boyfriend" and thus didn't lend themselves cleanly to an ex post re-classification into one of the four primary categories. It is thus difficult to draw any network-related conclusions using from the results in this category.
Each sender belongs to one of the two possible sample conditions: L, which is the loyal condition, or N , the non-loyal condition. We include fixed effects for both the week τ t and the market µ i .
We particularly draw the reader's attention to the µ i terms since they are meant to capture all systematic market-level factors including market size, competition and store location. While we expect the combination of these two sets of intercepts to capture most of the local and seasonal shocks, we also estimated specifications that include a year-earlier sales term S B i,t−52 to capture any recurrent shocks that might be time and market specific. 6 Since this term is never significant, and since the estimates with this term included are qualitatively equivalent, we do not report these results here. 6 As an example, it might be the case that hotels in New Orleans have a large demand shock during Mardi Gras (February) each year while no other markets would expect to see such a systematic shock. Table 2 shows the summary statistics for the data and Table 3 shows the pairwise correlations. 
Pairwise Correlations
Before presenting the results, it is important to caution against drawing any conclusions from Table 2 regarding the proclivity of loyals vs. non-loyals to create WOM. These data are marketlevel data and, therefore reflect the different proportions of loyals and non-loyals in each market.
Our analysis in Section 5 will be performed at the individual level and will, therefore, control for these factors. Nonetheless, one should note from Table 2 that the volumes of WOM across the conditions (loyal v. non-loyal) is roughly equal so our results would not seem to be driven by any non-linear volume effects. Finally, one sees in Table 3 that there is a fair amount of correlation within the loyals and within the non-loyals but little across the conditions. The intra-condition correlation is probably due to individual factors such as WOM episodes in which multiple people -friends, relatives, acquaintances -were informed at once, and the agent decided to separate the reports across relationship type.
The results from our initial regressions are shown in Equation (1) reports the results of regression in which we control for only local and temporal effects. Equation (2) adds in the overall activity of WOM without controlling for either the sender's relationship to the firm or the receiver's relationship to the sender. Equation (3) controls for the former only. Equation (4) controls for both. There are two important implications of these results. The first is that the firm can, it seems, create exogenous WOM among consumers that has a significant and measurable effect on sales. This is clear in Equation (3) Note that there are (at least) two possible micro-foundations for the relative marginal effects shown in Equation (3). On one hand, our hypotheses are based on a network-based argument as described above. Another explanation for these results may simply be that the response function to WOM from an individual is concave. Since, again, the loyal customers would assumedly have been creating WOM on behalf of the firm before the campaign, each new WOM episode would have less and less marginal impact. According to this argument, perhaps many of the loyal customers are simply on the "flat part" of the response curve. Note that this is a more general explanation than the network-based one since the latter is also essentially a specific instance of a concavity argument. Unfortunately, it is difficult with the data we have at our disposal to determine unambiguously which of these underlying models is at work.
Finally, Equation (4) demonstrates that, consistent with the theory of weak ties, WOM through acquaintances has significantly more impact than WOM to those with stronger ties in the social network, such as friends or relatives. Thus, H1 is also supported. It might be somewhat surprising that this argument, taken to its logical next step, would not suggest that WOM to strangers would be yet more powerful. However, there is necessarily an offsetting force associated with credibility which might render a suggestion from a stranger to be somewhat less worthy of follow-up. While we are somewhat surprised by the significance of the loyals' WOM to those in the "Other" category, it is difficult to draw any meaningful conclusions. It certainly suggests that all WOM created by loyals is not meaningless. However, the results in (3) suggests that, barring an ability to "surgically" control the recipients of a WOM campaign, one's choice of sender in a WOM campaign should be the non-loyals.
Clearly, we have taken the definition of "non-loyalty" to its extreme by designing a condition in which some subjects have effectively no relationship with the firm. It is therefore important to test the robustness of this result -and its qualitative implication -among agents who have a relationship with the firm. To do this, we collected data on each subjects' past purchase behavior.
Specifically, we know how many times each loyal customer visited the firm since her membership in the loyalty program commenced up to the beginning of the WOM campaign. This is a particularly useful measure of loyalty in this context since the category is a discretionary one. Since the distribution of visits was highly skewed, we created quartiles and placed each of the 384 loyals into a quartile depending on their past visits (Q1 is the quartile with the most visits and Q4 has the fewest). See Table 5 for summary statistics on these constructed quartiles. Note that members in the bottom quartile just joined the loyalty program prior to the beginning of the campaign. It is important to stress that this does not mean that they had never visited the chain.
We then interacted the quartile rank with the WOM variables to create quartile-specific interaction terms. Since we also include a non-interacted term in the specification (WOM Loyal to Anyone, for example), we interpret the interactions as the difference in the impact of WOM on sales as a function of the relative loyalty of the sender. These results are shown in Table 6 .
What these results show is that the impact of WOM from customers in the loyalty program is higher in some cases the less loyal that customer is. Most importantly, it is never the case that the most loyal customers -those in Q1 -deliver the most impactful WOM. Again, this result may appear to be surprising until one considers the social network perspective. Highly loyal customers -those in the top quartiles in terms of the number of times they have visited the chain -are likely to have already told their friends about the firm. Moreover, we might expect that loyal customers are likely to exist in social networks in which other members are also customers -if not loyal customers -of the firm. These results would seem to provide some additional strength behind the implication that the firm should consider designing WOM campaigns not just for their highly loyal long-time customers but also for their newer and less loyal customers. These results also further reinforce the idea that if the firm wants to create really impactful WOM, WOM to acquaintances should be the target. In Table 4 , we saw that non-loyals created impactful WOM to acquaintances.
Here in Table 6 , we see that among loyals, the less loyal customers also created impactful WOM to acquaintances.
Who Creates WOM That Matters?
In this Section, we follow up on the key insight that the firm's objective in developing a WOM campaign should be to find non-loyal -or less loyal -customers and encourage them to speak with acquaintances. We note again that this is not necessarily a statement about the overall impact of all WOM but only about the creation of marginal or incremental WOM over and above what is being created already. Our interest in this Section is in determining to what extent, and how, the firm can identify those customers that will be most likely to create this highly impactful type of WOM.
Theoretical Development
The most prevalent approach used in marketing to identify the "key communicators" -those most likely to tell others about a product -has been to attempt to find the "opinion leader." The role of such an information broker was analyzed by Katz and Lazarsfeld (1955) . King and Summers (1970) developed a scale for the purpose of identifying the opinion leader. This scale has been used in many studies with consistent results. While this construct has proven to be a powerful predictor of interpersonal communication in general, it is less clear that opinion leaders at all levels of loyalty will be equally likely to create WOM. To see why, we call one's attention to the implicit assumption about what lies behind the opinion leader's disproportional influence: category expertise. As Feick and Price (1987) state, "Most authors...see a combination of knowledge or expertise and influence as characterizing the opinion leader (italics added)." Moreover, as shown by Jacoby and Hoyer (1981) , the correlation between expertise and opinion leadership is positive and quite high. To this, we add the assumption that -controlling for overall category usage -brand usage implies liking and/or satisfaction. Given this line of reasoning, it seems likely that opinion leaders/category experts will certainly talk a lot about -i.e., recommend to others -a brand about which they feel strongly. However, it is far less clear that they will do so with respect to a brand about which they are somewhat more ambivalent, as measured by their brand usage. This is captured in the following two hypotheses:
H3: Among very loyal customers, opinion leaders create more WOM to acquaintances than non-opinion leaders.
H4: Among less loyal customers, opinion leaders create the same amount of WOM to acquaintances as non-opinion leaders.
Empirical Analysis
To measure opinion leadership, we employ the King and Summers (1970) scale and adapt it to our use here (see the Appendix for a "sanitized" version of the scale we implemented). As with previous studies, we found this scale to be of adequate reliability (α = .79). To test our main hypotheses, we estimate the following model:
where we again include market level fixed effects µ i to control for differences in term of market size, etc. OL k is agent k's score on the opinion leadership scale. We also include fixed effects u l for the five different category usage levels captured in the survey. 8 The demographic variables, AGE and F U LLT IM E capture potentially important covariates. We estimate this equation overall for all of the firm's loyal customers as well as for each of the loyalty quartiles developed above in Section 4. We address the non-loyals below.
As one would expect, we find here -in Table 7 , Equation (8) -that in the data pooled across the loyalty levels opinion leadership appears to be a useful predictor of WOM creation. This is consistent with what has been found in the literature. In support of H3, we find in Equation (9) that, for loyal customers, opinion leadership is a significant indicator of one's proclivity to create incremental WOM for the firm. However -consistent with H4 -we also find in Equations (10)- (12) that the less loyal opinion leaders are not valuable sources of incremental WOM. In fact, the F-tests on these Equations suggest that their independent variables provide little information.
To summarize the results so far, we found in Section 4 that it is the less loyal customers who should be recruited as agents of the campaign. However, for this group, we found here that opinion leadership is not associated with higher performance levels (higher levels of impactful WOM). Thus, we are compelled to explore other possible metrics to identify the key disseminators of interpersonal information. While the marketing literature has focused almost exclusively on opinion leaders, usage behavior and lead users/early adopters, 9 one obvious candidate for further inquiry is the breadth of one's network, or "network density." Plainly speaking, one would expect that, all else equal, the more friends and acquaintances one has and the more "social" one is, the more WOM one would create. The popular press, for example, has recently focused on this dimension. Rosen (2000), for example, draws a distinction between "expert hubs" and "network hubs." Similarly, Gladwell (2000) contrasts "connectors" from "mavens." In the academic literature, one finds traces of this construct in Coleman et al. (1966) in their analysis of the physicians' "interconnectedness."
Though not researched directly in the marketing literature, it is relatively clear what their role might be in the diffusion of WOM. These people are likely to form the bridges Granovetter (1973) described as being the essential links between social networks. Since to our knowledge no scale exists for this construct, we created our own (see the Appendix) comprised of five items. It is important to note that this aspect of our inquiry is purely exploratory. We make no claim in regard to the optimality of these measures. Instead, our purpose in this final analysis is to investigate the potential usefulness of another metric to serve as an indicator of less-loyal customers' willingness to create WOM for the firm. 10 Before implementing the analysis, we assess two important dimensions of the scale. First, the reliability of this scale (i.e., the Cronbach alpha) was acceptable, though not stellar (α = .70). In addition, we checked the construct's discriminant validity vis-a-vis the opinion leader scale discussed above. The results of a factor analysis of the six items in the opinion leadership scale and the five items in our network density scale are shown in Table 8 . 11 While far from perfect, these loadings show that the King and Summers scale items always load more highly on Factor 1 than Factor 2. Moreover, each of the network density items loads more highly on Factor 2 than on Factor 1.
Similarly, going down the Factor 1 column, the lowest loading from the King and Summers items is higher than the highest loading from our network density items. The analogous case holds in the Factor 2 column.
10 It is important to note that the measures used in this scale were standard items on the agency's survey. Thus, we did not construct the scales for this specific use. To the extent that this construct is found to be useful, future research will be required to refine its measurement to meet more rigorous standards. 11 This factor analysis was performed for the customers in the loyal condition only. The constructs as measured
for the non-loyals demonstrated significantly less discriminant validity. Since this measure of network density has no expertise component, we would not expect the predictability of this construct to vary significantly over the different levels of loyalty. To test this, we include the network breadth measure -NET _DEN S -into our regression equation. Since we have significant missing values for the items in this scale, we are not able to estimate each quartile separately. Thus, we perform the analysis by combining the three lower loyalty quartiles together.
The results are shown in Table 9 .
Comparing Equations (13) and (14), one sees that this measure of network density -effectively, how many connections you have, and how much you enjoy "using" them -has a meaningful impact on our ability to find less loyal customers that are most likely to create WOM for the firm. In Equation (16), we perform a similar analysis for the non-loyal condition. The results are qualitatively similar. However, this must be taken with a grain of salt for two reasons. First, as noted, the discriminant validity of the network density construct is in question for the non-loyals.
Second, the null hypothesis that all of the coefficients in the equation are zero cannot be rejected at the .332 level. Nonetheless, one might consider these results for non-loyals to be directionally consistent with those in (14) for the less loyals.
A surprising result in Table 9 is that network density doesn't seem to have an impact on the amount of incremental WOM created by very loyal customers (see Equation (15)). Thus, we've found that WOM is higher for opinion leaders when the customer is very loyal but not at lower levels of loyalty. We've also found that WOM is higher for those with denser networks when the customer is of low loyalty but not highly loyal. One obvious potential culprit might be collinearity. However, among Q1, OL and NET _DEN S are not significantly correlated (r=-.18, p=.23). Another potential explanation might be that these highly loyal customers are simply at their maximum level of WOM creation. 12 Recall that we're controlling for opinion leadership as well so this argument would suggest that, all else equal, whether I have 10 friends or 100 friends, if I'm very loyal I've already told them all about the firm, perhaps numerous times. While we're not able to test this with our current dataset, this explanation and the overall result certainly provides rich opportunities for future research.
Conclusion
This paper represents one of the first attempts, to our knowledge, to explicitly test whether and how the firm should attempt to create exogenous WOM to drive sales. On one hand, the news seems to be good. We have shown that, in some cases, purely exogenous WOM is associated with higher week-to-week sales. Thus, the examples we cite at the outset of the paper -and the hundreds of other firms following a similar path -may represent a rational and profit-maximizing solution to the promotion problem. Moreover, we have shown that -contrary to what may have been assumed -loyal customers are not necessarily the cornerstones of a successful WOM campaign. In fact, we have argued, because their networks have probably been informed about the product for some time, the incremental WOM created by the campaign may have little impact. On the other hand, the non-loyals' networks represent fertile ground for the generation of incremental sales. The "bad news," however, is that while our results suggest that the firm should be using its non-loyal customers to create WOM to acquaintances for its product, it may not be able to use the tools one has traditionally used for the job. In particular, non-loyal opinion leaders seem no more likely to create a lot of WOM for the firm than non-loyals on average. Finally, we have suggested a possible path to a solution It seems that some measure of network density -how many people does one know, for example -may be an effective way to find the non-loyal key communicator.
Surprisingly, however, this measure does not identify loyal creators of WOM.
The paper identifies a number of interesting areas on which future research projects should focus.
First and foremost, one needs to replicate these results in other categories. The product area is a relatively low risk one and, thus, the simple transfer of information ("Hey, have you ever heard of ___?") is probably sufficient to generate trial. In other categories -particularly those in which there is more risk associated with purchase -the lower brand-level knowledge of non-loyals may mitigate the network effects we have demonstrated here.
The other clear opportunity for deeper investigation lies in the network density construct. The measures themselves -as well as the scales used for each -need to be revisited, refined and tested in order to identify a meaningful and valid scale to capture this potentially powerful construct.
Given the clear impact of King and Summers (1970) , the rewards to such an endeavor would appear significant.
An aspect of the WOM creation process with which this paper does not deal is the question of tactics. Given whom we should be targeting and how we might be able to find them, what should the firm do to encourage them to go out and tell people about the firm? Options range from monetary refer-a-friend programs to recognition programs and beyond. One could imagine that an experimental approach to this problem -whether lab or field -would yield interesting and useful results.
Finally, we did not touch at all on the competitive aspects of the WOM creation problem. Once one considers the possibility of a competitor, this problem becomes even more complicated. How can the firm, for example, enlist its customers to "switch" another firm's loyal customers to its side? Would the same implications found here -that non-loyal customers are the key -still hold in such a setting? The answers to these questions are not at all clear ex ante but would be of great interest both practically and theoretically.
